We examine the capability of thirteen Coupled Model Intercomparison Project (CMIP) phase 5 (CMIP5) models in simulating climatology and interannual variability of Winter North Pacific Storm Track (WNPST). It is found that nearly half of the selected models can reproduce the spatial pattern of WNPST climatology. However, the strength and spatial variation of WNPST climatology are weak in most of the models. Most differences among the models are in the northeast of the simulated multi-model ensemble (MME) climatology, while it is more consistent in the south. The MME can reflect not only the center position, but also the strength and spatial distribution of interannual variation of the WNPST amplitude. Except for CNRM-CM5, the interannual standard deviations of simulated WNPST strength and spatial variation in all other models are weak. ACCESS1-3 and CanESM2 have a better capability in simulating the spatial modes of WNPST, while the simulated second and third modes in some models are in opposite order with those in NCEP (National Centers for Environmental Prediction) reanalysis. Only five models and MME can capture "midwinter suppression" feature in their simulations. Compared with NCEP reanalysis, the winter longitude index is larger and latitude index is smaller in most of the models, indicating the simulated storm track is further east and south. CNRM-CM5, MME and CMCC-CM could be used to evaluate interannual variation of strength index, longitude index and latitude index respectively. Nevertheless, only INM-CM4 and CNRM-CM5 can simulate southward drift of WNPST.
Introduction
Meridional transport of heat and kinetic energy by synoptic-scale transient eddies plays an important role in maintaining atmospheric circulation. As midlatitude storm track (MST) is the most active region for mid-latitude synoptic transient eddies, its variation reflects not only some aspects of synoptic transient eddy itself but also a close relationship between the storm track and developing baroclinic waves [1] [2] [3] [4] . As a bridge for exchange of water vapor, heat and kinetic energy between ocean and atmosphere, MST is crucial for energy transport between tropics and mid-higher latitude. MST is also a focus for climate dynamics [5] , and its variation is one of major components in studying climate change. It interacts with large-scale atmospheric circulation, and exhibits various features in a broad range of temporal scales including monthly, seasonal, interannual, decadal and interdecadal variation [6] [7] [8] [9] [10] [11] [12] [13] . 
Methods
MST can be represented by variance of geopotential height, meridional transport of heat flux or eddy kinetic energy [4] . In this study, we use meridional transport of heat flux (v T , v is meridional wind speed, T is temperature) to represent WNPST. Because WNPST has a three-dimensional structure from sea surface to the tropopause. Thus, it can be well represented by the variable at different level. As the maximum of the heat flux is located at the lower level of the troposphere (usually 850 hPa), v T at 850 hPa is selected for this study. On the other hand, due to various resolution of the model outputs, for convenience of comparison, we interpolate all the data into 2.5 • × 2.5 • grid before calculation.
Atmosphere 2018, 9, 79 4 of 17 We use a Lanzcos band-pass filter to isolate synoptic scale (2.5-6-day) disturbance from NCEP/NCAR reanalysis daily data, and calculate v T with the formula showed below:
In this formula, v and T represent 2.5-6-day filtered synoptic component, n represents the days in the time series. The climatological mean v and T in this study are the monthly climatology based on the daily meridional wind speed and temperature anomaly after filtering, respectively.
In order to further evaluate the capability of each CMIP5 model in simulating strength and location of WNPST, a couple of WNPST indices are introduced in this paper. We adopted the method proposed by Li et al. [30] which can represent the WNPST dynamically and quantitatively. Specifically, we set a threshold which is the median of WNPST strength of all the grids within a domain (25 • -65 • N, 130 • E-120 • W). By doing so, the number of grids is same for all the samples, and WNPST is well represented by the selected grids. The mean of the values greater than this threshold in all the grids is defined as strength index of WNPST, conveniently, the average longitude/latitude is defined as longitude/latitude index. Strength, longitude and latitude index are expressed as follows:
N is the number of grid point, on which the strength is great than the median of WNPST strength of all the grids within a domain. Then, Str, Lon and Lat are the strength, longitude and latitude of WNPST on that grid point, respectively. A positive difference with NCEP in latitude (longitude) index mean northward (eastward) shift of storm track in CMIP5.
Considering North et al. [31] pointed out that EOF (empirical orthogonal function) analyses often result in pairs of equally important modes, we apply the EOF skill score (ESS) introduced by Timm and Diaz [32] . The calculation formula is as follows:
the correlations r(i, j) between ith spatial EOF pattern of CMIP5 models and the jth EOF of NCEP reanalysis are summed over a limited range of EOF combinations. Weight function w(i, j) is according to
with i, j representing the EOF modes 1, 2 3. The weights in the EOF skill score ESS also account for the explained variance λ k (i) and λ r (j) of the eigenmodes of the model and the reanalysis, respectively.
Atmosphere 2018, 9, 79 5 of 17 Figure 1 depicts the simulated WNPST climatology in selected 13 CMIP5 models and their differences to NCEP reanalysis (Figure 1a) . Figure 1b shows the results of multi-model ensemble (MME) which represents the mean of the results from all the selected models. To better evaluate the capability of each model in simulating WNPST, Taylor diagram (Figure 2 ) is also adopted to display the relative information from multiple models concisely, so that the differences among the simulations from all the models are revealed clearly [33] . This diagram shows the ratio of the standard deviation calculated from simulation to that obtained in reanalysis, correlation coefficient and root mean square error (RMSE). The closer the point representing the model to REF (see Figure 2) , the better capability of the model [34] . Figure 1 depicts the simulated WNPST climatology in selected 13 CMIP5 models and their differences to NCEP reanalysis (Figure 1a) . Figure 1b shows the results of multi-model ensemble (MME) which represents the mean of the results from all the selected models. To better evaluate the capability of each model in simulating WNPST, Taylor diagram (Figure 2 ) is also adopted to display the relative information from multiple models concisely, so that the differences among the simulations from all the models are revealed clearly [33] . This diagram shows the ratio of the standard deviation calculated from simulation to that obtained in reanalysis, correlation coefficient and root mean square error (RMSE). The closer the point representing the model to REF (see Figure  2) , the better capability of the model [34] . According to Figure 1 , all these 13 models generally can reproduce WNPST climatology, yet large discrepancies exist about the strength and location of WNPST. The differences between the models are also significant. In terms of strength, the simulated WNPST in CanESM2 is the strongest, with a positive bias over 3 K·ms −1 near the center. The stronger simulated WNPST can also be found in MRI-CGCM3 and IPSL-CM5B-LR models, they both show a bias exceeding 3 K·ms −1 near the center. While the simulations of WNPST in FGOALS-g2, MIROC5 and NorESM-M are generally weak, especially for MIROC5, with a negative bias of 4 K·ms −1 near the center of the storm track. Nevertheless, ACCESS1-3 and CNRM-CM5 generate better simulations, the absolute value of bias is less than 1 K·ms −1 for most of the area. CanESM2, MIROC5, MRI-CGCM3 and IPSL-CM5B-LR show a large RMSE (Figure 2a) , while the RMSEs of simulation in ACCESS1-3 and CNRM-CM5 are smaller. According to Figure 1 , all these 13 models generally can reproduce WNPST climatology, yet large discrepancies exist about the strength and location of WNPST. The differences between the models are also significant. In terms of strength, the simulated WNPST in CanESM2 is the strongest, with a positive bias over 3 K•ms −1 near the center. The stronger simulated WNPST can also be found in MRI-CGCM3 and IPSL-CM5B-LR models, they both show a bias exceeding 3 K•ms −1 near the center. While the simulations of WNPST in FGOALS-g2, MIROC5 and NorESM-M are generally weak, especially for MIROC5, with a negative bias of 4 K•ms −1 near the center of the storm track. Nevertheless, ACCESS1-3 and CNRM-CM5 generate better simulations, the absolute value of bias is less than 1 K•ms −1 for most of the area. CanESM2, MIROC5, MRI-CGCM3 and IPSL-CM5B-LR show a large RMSE (Figure 2a) , while the RMSEs of simulation in ACCESS1-3 and CNRM-CM5 are smaller.
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Results
Climatology
Specifically, the center location of simulated WNPST in MRI-CGCM3, MIROC5, FGOALS-g2, GFDL-CM3 and IPSL-CM5B-LR is further south, which is reflected by negative bias in the north of the domain. The simulated WNPST in FGOALS-s2 is stronger in the north, and weaker in the south and east. While it is stronger in the west for the simulations in INM-CM4 and CMCC-CM. An obvious eastward extension can be found in the simulations of CanESM2 and ACCESS1-3. It seems most of the models have little capability in simulating the center location and strength of WNPST. The MME can generally reflect the center location of WNPST, but the strength of WNPST is still weak.
It can be learned from Figure 2a that the spatial pattern is well simulated in 7 models including CanESM2, ACCESS1-3 and CNRM-CM5, with a correlation coefficient greater than 0.9. Especially, the correlation coefficient for ACCESS1-3 is larger than 0.97, but is not well reproduced in several models including IPSL-CM5B-LR, MRI-CGCM3 and MIROC5. Figure 2a also shows that, for the standard deviation of WNPST climatology, large differences exist among the models. CanESM2, MIROC5 and NorESM-M are three models which are the most different from the reanalysis. While CMCC-CM, INM-CM4 and MRI-CGCM3 are three models which are closest to the reanalysis. It needs to mention that the standard deviation in most of the models is smaller compared with the reanalysis, indicating further improvement is needed for these models in simulating the spatial variation of WNPST climatology.
In general, CNRM-CM5 and ACCESS1-3 have stronger capability in simulating WNPST climatology. In addition, for some specific aspects, the MME of these 13 models is not as good as even a single model, but for overall evaluation in terms of spatial distribution, standard deviation and root mean square error, MME is still superior to most of the single models.
In order to further evaluate the difference of simulated WNPST climatology among CMIP5 models, the distributions of the standard deviation from these 13 models are displayed in Figure 3 which can clearly reveal the spatial differences. It can be seen that the major difference appears over midlatitude in the central North Pacific (especially within the area of 40°-45° N,150° E-170° W). The Specifically, the center location of simulated WNPST in MRI-CGCM3, MIROC5, FGOALS-g2, GFDL-CM3 and IPSL-CM5B-LR is further south, which is reflected by negative bias in the north of the domain. The simulated WNPST in FGOALS-s2 is stronger in the north, and weaker in the south and east. While it is stronger in the west for the simulations in INM-CM4 and CMCC-CM. An obvious eastward extension can be found in the simulations of CanESM2 and ACCESS1-3. It seems most of the models have little capability in simulating the center location and strength of WNPST. The MME can generally reflect the center location of WNPST, but the strength of WNPST is still weak.
In order to further evaluate the difference of simulated WNPST climatology among CMIP5 models, the distributions of the standard deviation from these 13 models are displayed in Figure 3 which can clearly reveal the spatial differences. It can be seen that the major difference appears over midlatitude in the central North Pacific (especially within the area of 40 Figure 3 is WNPST climatology from the MME. It shows large differences exist in the northeast of WNPST center, while there is only small difference in the south.
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Interannual Variation of WNPST Strength
Atmosphere 2018, 9, x FOR PEER REVIEW 7 of 18 contour in Figure 3 is WNPST climatology from the MME. It shows large differences exist in the northeast of WNPST center, while there is only small difference in the south. Figure 3 . The multi-model ensemble (MME) of simulated climatological WNPST amplitude (contour) and standard deviation (spread) of these 13 models (shading). Figure 4 shows the distribution of the interannual standard deviation of WNPST amplitude from NCEP reanalysis and CMIP5 models. The capability of the models in simulating the interannual variation of WNPST amplitude can be evaluated by analyzing the interannual standard deviation. According to Figure 4a , the area with significant interannual variability is generally in a domain of 40°-45° N, 160° E-180°. While significant differences exist among these 13 models. ACCESS1-3 and CanESM2 can generally capture the center of interannual variability very well. In particular, ACCESS1-3 can even reproduce acclivous pattern of standard deviation distribution. The center of interannual variability in the simulations of CNRM-CM5, FGOALS-s2 and INM-CM4 is further west, while it is further east in the simulation of MPI-ESM-LR and further north in the simulation of CMCC-CM. the center positions are rather southwest in the simulations of GFDL-CM3, IPSL-CM5B-LR, MRI-CGCM3 and FGOALS-g2. For interannual variation of WNPST strength, it is clear that WNPST is weaker west of 180 • in most of the models. For IPSL-CM5B-LR, FGOALS-g2 and MIROC5, the overall simulations of interannual variation of WNPST amplitude are significantly weaker. The absolute value of the difference is over 1 K·ms −1 , their RMSEs are also larger (Figure 2b ). On the other hand, the simulations of WNPST strength in CanESM2, CMCC-CM, MPI-ESM-LR and CNRM-CM5 are stronger in the east. The simulations in ACCESS1-3, CanESM2 and CNRM-CM5 generally have smaller bias and RMSE, which means they are more skillful in simulating the interannual variation of WNPST amplitude.
As showed in Figure 2b , ACCESS1-3 and CanESM2 perform very well in simulating the spatial pattern of interannual variation of WNPST amplitude, with a correlation coefficient greater than 0.9. For IPSL-CM5B-LR, MIROC5 and FGOALS-g2, they not only underestimate interannual variation of WNPST strength but also produce a spatial pattern that is markedly different from the reanalysis reference pattern. In addition, the interannual standard deviations of simulated WNPST amplitude in MIROC5 and FGOALS-g2 are much smaller, while the simulation in CNRM-CM5 is generally close to that in NCEP reanalysis. ACCESS1-3 is also able to generate an acceptable simulation. Given the fact that most of the models generate smaller interannual standard deviation compared with reanalysis, it is reasonable to believe that most of the models have less capability in simulating interannual variation of WNPST amplitude.
In general, ACCESS1-3, INM-CM4 and CNRM-CM5 all perform very well in simulating the spatial pattern, strength and interannual standard deviation of WNPST amplitude, especially for ACCESS1-3, while some simulation results (IPSL-CM5B-LR, MIROC5 and FGOALS-g2) are quite different from NCEP reanalysis. On the other hand, in spite of the individual model deficiencies the MME result can simulate the center position of interannual variation very well with a higher correlation coefficient exceeding 0.9 and a smaller RMSE. However, the standard deviation is not as good as that in ACCESS1-3 and CNRM-CM5.
Spatial Modes
Ren et al. [35] pointed out that three leading modes can generally reflect interannual variation of WNPST. To evaluate the capability of CMIP5 models in simulating these spatial modes, we carry out EOF (Empirical Orthogonal Function) analysis for the simulated WNPST amplitude in CMIP5 models during the period 1955-2004. Figure 5 shows the spatial modes of simulated WNPST amplitude and those from NCEP reanalysis. Table 2 lists the correlation coefficients corresponding to these modes. According to NCEP reanalysis, the first leading mode accounts for most variances of variability, with a percentage as large as 42%. The spatial pattern (Figure 5a1) shows the center is located at 170 • E, 40 • N. The contours exhibit a acclivous pattern toward northeast. It is overall positive to the north of the center, while the only area with negative values is in the southeast of the domain. The first leading mode reflects the universal variation of WNPST. We can learn from Figure 5 that most of the models can reproduce the center position and spatial pattern of the first leading mode. ACCESS1-3 and CNRM-CM5 are the best models in reproducing the first leading mode, with correlation coefficients of 0.95 and 0.93 respectively. The performance of CanESM2 is also acceptable. However, FGOALS-g2 and MRI-CGCM3 are two models that don not perform very well, the corresponding correlation coefficients are only 0.38 and 0.51 respectively. The variance contribution to the first leading mode in the simulations of CanESM2, CNRM-CM5 and INM-CM4 are close to that in NCEP reanalysis. But the variance contribution to the first leading mode in FGOALS-g2, IPSL-CM5B-LR and MIROC5 is only 20%. In general, CanESM2, CNRM-CM5 and INM-CM4 are skillful in simulating the spatial pattern and have similar variance contribution from the first leading mode to that in reanalysis
The second leading mode in NCEP reanalysis (Figure 5a2 ) exhibits a dipole pattern with positive and negative portions are separated by 40 • N. With a 13% contribution to total variance, this mode reflects the universally strengthening/weakening and southward/northward migration of WNPST [35] . There are large discrepancies among the CMIP5 models in reproducing the second leading mode. Only ACCESS1-3, CanESM2, FGOALS-s2 and NorESM1-M can generally capture the spatial pattern, and their correlation coefficients are 0.78, 0.85, 0.86 and 0.74 respectively. In spite of the larger correlation coefficients, the percentages of variance contribution in these four models are not all consistent with NCEP reanalysis except for FGOALS-s2 and NorESM1-M. It needs to be mentioned that, rather than a north-south orientated dipole pattern, many CMIP5 models produce an east-west orientated dipole, which results in smaller correlation coefficients. In particular, the simulated spatial pattern in IPSL-CM5B-LR exhibits an east-west orientated tripole mode, and the correlation between this spatial distribution and reanalysis is only 0.02.
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Based on the simulations from all the selected CMIP5 models and the EOF skill score (see Table 3 ), it can be learned that CanESM2, ACCESS1-3, NorESM1-M and CNRM-CM5 have higher capability in simulating the spatial modes of WNPST, which is reflected by the better simulations of climatology, interannual variation of WNPST amplitude (Figures 1 and 4) . Figure 6 shows time series of climatological mean monthly WNPST strength index, longitude index and latitude index during the period 1955-2004. According to NCEP reanalysis (Figure 6a ), significant seasonal variation of WNPST strength index is evident, and it is the strongest in winter and the weakest in summer with a minimum in July. It exhibits a bimodal curve which the strongest months are in November and March, representing a "midwinter suppression" effect. CMIP5 models are able to simulate the monthly variation of WNPST strength index. The discrepancies among the 13 models are the smallest during May-October, with the magnitude of the difference less than 1 K·ms −1 . The difference between the models and NCEP reanalysis is also smaller during this period. However, large discrepancies still exist among the models for the other months, with the magnitude of the difference greater than 3.5 K·ms −1 . It can also be found that only MIROC5, CNRM-CM5, FGOALS-g2, MPI-ESM-LR and GFDL-CM3 can reproduce the "midwinter suppression" effect. Though NorESM1-M also shows a bimodal curve, one of the peaks occurs in April rather than March. CMMCC-CM, ACCESS1-3 and IPSL-CM5B-LR can only generate the peak in March correctly, while the single peak in INM-CM4 occurs in November. On the other hand, the WNPST strength index is the strongest in spring in CanESM2, FGOALS-s2 and MRI-CGCM3. According to above analysis, we believe these models can somehow simulate the monthly variation of WNPST strength though only less than half of all the models can generate acceptable simulations. Nevertheless, the MME of strength index shows much better results, it can not only represent "midwinter suppression", but also has similar magnitude to NCEP reanalysis and shows consistent variation, it is superior to all the single models.
WNPST Indices
The major differences among the strength indices from these 13 models are in winter. Figure 7a shows the differences of winter climatological mean of strength index between these models and NCEP reanalysis. It is easy to find that the strength index is smaller in winter in most of the models. Specifically, the strength index from MIROC5 shows a negative bias of 1.6 K·ms −1 , while the strength index in CanESM2 shows a positive bias of 1.7 K·ms −1 . CNRM-CM5, FGOALS-s2 and MPI-ESM-LR show relatively smaller biases. The strength index from MPI-ESM-LR is very close to that from NCEP reanalysis, indicating this model can reproduce WNPST strength.
The monthly variation of longitude index from NCEP reanalysis (Figure 6b) indicates that the major part of WNPST experiences clear seasonal east-west migration between 170 • E and 179 • W. It starts moving eastward in June, reaches the eastern boundary around dateline in winter and retreats back to 170 • E in summer. Overall, CMIP5 models can satisfactorily simulate the east-west seasonal migration, but large discrepancies still exist among the models. It is also clear that WNPST in most of the models is further east in winter (Figure 7b ), especially in MIROC5 and IPSL-CM5B-LR. The simulated WNPST is about 4.2 degrees further east in winter in MIROC5, and even 8 degrees further east in January. In IPSL-CM5B-LR, it is 4 degrees further east of the observations in winter. While CMCC-CM is better in reproducing the eastern boundary of WNPST, with an error of only 0.2 degrees. Specifically, the eastward migration of WNPST in FGOALS-s2, CNRM-CM5, CMCC-CM and MPI-ESM-LRs starts in May, and it starts in July for CanESM2. For MRI-CGCM3, INM-CM4, IPSL-CM5B-LR and NorESM1-M, the eastward migration of WNPST continues until July. The correlation coefficients between the longitude indices in FGOALS-s2, INM-CM4 and NCEP reanalysis are 0.65 and 0.66, without passing significance test with a cutoff value of 0.01. In contrast, FGOALS-g2 and MIROC5 can simulate the monthly variation of longitude index very well. Most of the other models have a correlation coefficient less than 0.9, indicating some problems still exist for these models in simulating the east-west migration of WNPST. This is also probably related to the markedly difference of the third spatial mode between these models and NCEP reanalysis.
Similar to the strength and longitude indices, the latitude index also shows remarkable seasonal variation (Figure 6c ). It exhibits northward migration in summer and southward migration in winter with a range between 39 • and 51 • N, reaching the furthest north in August. It is clear that all the 13 models can simulate monthly variation of the latitude index, especially for CMCC-CM and GFDL-CM3. Nearly all the models can reproduce the aspect that WNPST reaching the furthest north in August. However, large discrepancies exist among the models for all the months, especially for June (difference between the simulation in NorESM1-M and IPSL-CM5B-LR is about 14 degrees). The discrepancies are relatively not significant in fall. Figure 7c shows most of the models generate a smaller winter latitude index compared with NCEP, which means the simulated WNPST is further south. It is about 4 degrees further south compared with NCEP in MRI-CGCM3 and IPSL-CM5B-LR. While the simulated WNPST is further north in FGOALS-s2, MPI-ESM-LR and NorESM1-M.
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Summary
With WNPST represented by 850-hPa meridional eddy flux, 13 CMIP5 models are selected to simulate the climatology and interannual variation of WNPST, and the results are compared with NCEP reanalysis. To provide an intuitive understanding of the capability of CMIP5 models in simulating WNPST, a brief summary of the performance of individual model in simulating the WNPST is presented in Figure 10 . The results indicate nearly half of all the selected models can 
With WNPST represented by 850-hPa meridional eddy flux, 13 CMIP5 models are selected to simulate the climatology and interannual variation of WNPST, and the results are compared with NCEP reanalysis. To provide an intuitive understanding of the capability of CMIP5 models in simulating WNPST, a brief summary of the performance of individual model in simulating the WNPST is presented in Figure 10 . The results indicate nearly half of all the selected models can satisfactorily simulate of the spatial distribution of WNPST climatology (correlation coefficient greater than 0.95, see the first column in Figure 10 ), especially for ACCESS1-3. However, two models (IPSL-CM5B-LR and MRI-CGCM3) show a relatively weak simulation capability in this. ACCESS1-3 and CNRM-CM5 show strong capabilities in simulating the WNPST amplitude. Most of the models reproduce a weaker WNPST except for CanESM2, which produce a apparent stronger WNPST in its simulation. Most of the models also reproduce weak spatial variations for WNPST climatology, but we still can use 3 models (CMCC-CM, INM-CM4 and MRI-CGCM3) to evaluate the spatial variation of climatological WNPST, as their difference with reanalysis are less than 5% (see the second column in Figure 10 ). The MME can reflect the spatial distribution of WNPST very well except for a slightly weak strength. In addition, the major differences among the 13 models are mainly concentrated in the northeast of the MME climatology.
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For interannual variation of the WNPST amplitude, ACCESS1-3 and CanESM2 show more skills in simulating spatial distribution (correlation coefficient greater than 0.9, see the third column in Figure 10 ), and reasonably reproduce the center position of interannual variation of WNPST. In addition, ACCESS1-3, CanESM2 and CNRM-CM5 have smaller bias in simulating interannual variation of WNPST amplitude, also with a smaller RMSE. CNRM-CM5 almost reproduce similar pattern of standard deviation of the WNPST strength to NCEP reanalysis (bias less than 5%, see the fourth column in Figure 10 ), so does ACCESS1-3 (bias less than 10%). The MME not only can capture the center position of interannual variation, but also has a high correlation (>0.9) with Figure 10 . Diagram indicating the relative ability of (top to bottom) the CMIP5 models in simulating the climatology and interannual variability of WNPST (Scc_Cli, Scc_Iva, Scc_EOF1, Scc_EOF2 and Scc_EOF3 on horizontal axis represents spatial correlation coefficients (Scc) of climatology (Cli), interannual variation of amplitude (Iva), the first mode (EOF1), the second mode (EOF2) and the third mode (EOF3) respectively; Svcs, Svsd, Std_Sti, Std_Loi and Std_Lai represents capability of model in simulating the spatial variation of climatology strength (Svcs), standard deviation (Svsd), and the interannual variability (Std) of the WNPST strength index (Sti), longitude index (Loi) and latitude index (Lai) respectively (represented by 1-deviation)).
For interannual variation of the WNPST amplitude, ACCESS1-3 and CanESM2 show more skills in simulating spatial distribution (correlation coefficient greater than 0.9, see the third column in Figure 10 ), and reasonably reproduce the center position of interannual variation of WNPST. In addition, ACCESS1-3, CanESM2 and CNRM-CM5 have smaller bias in simulating interannual variation of WNPST amplitude, also with a smaller RMSE. CNRM-CM5 almost reproduce similar pattern of standard deviation of the WNPST strength to NCEP reanalysis (bias less than 5%, see the fourth column in Figure 10 ), so does ACCESS1-3 (bias less than 10%). The MME not only can capture the center position of interannual variation, but also has a high correlation (>0.9) with reanalysis and small RMSE. But the MME is not as good as CNRM-CM5 and ACCESS1-3 in simulating the standard deviation.
ACCESS1-3, CNRM-CM5 and CanESM2 can simulate the first leading mode of spatial distribution of WNPST (correlation coefficient >0.9, see the fifth column in Figure 10 ) very well, while but the first mode is not well simulated in FGOALS-g2 and MRI-CGCM3. Only 3 models (CanESM2, CNRM-CM5 and INM-CM4) can better simulate the variance contribution of the first mode. Among these 13 models, FGOALS-s2 is better in simulating the spatial pattern and variance contribution of the second mode, and the correlations coefficients in 8 other models are less than 0.7 (see the sixth column in Figure 10 ). For the third mode, CanESM2 produces better simulation, but there are still 9 models whose correlation coefficients are less than 0.7 (see the seventh column in Figure 10 ). On the other hand, we find the second mode and third mode of WNPST in 5 models are opposite in order with those in NCEP reanalysis.
Large discrepancies still exist in simulated winter strength indices among the models, only the strength index from MPI-ESM-LR shows consistent features with NCEP, while the winter strength index is smaller in most of the models. Only 5 models and the MME can reproduce "midwinter suppression" aspect. CMCC-CM is better in simulating longitude index, with an error of only 0.2 degrees. FGOALS-s2 and INM-CM4 show less skills in simulating monthly variation of longitude index, while it is much better in the simulations from FGOALS-g2 and MIROC5. Most of the models produce larger longitude indices and smaller latitude indices compared with NCEP reanalysis. The MME and CNRM-CM5 can be used to evaluate interannual variation of the WNPST longitude index and latitude index. CMCC-CM and CNRM-CM5 can be used to evaluate interannual variation of latitude index (see the tenth column in Figure 10 ). Besides, most of the models cannot reproduce southward drift of WNPST, except for INM-CM4 and CNRM-CM5.
